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ICU Outcome Prediction Using Real-Time Signals with Wavelet Transform-Based CNN

ICU (intensive care unit) We design a wavelet transform-based convolutional neural network The saliency maps as shown in Figure 2 highlight
* Intensive monitoring (WTCNN) with a specific structure dealing with time-series data to the important features in vital signs.
* Life support of airway, breathing, circulation address the research problem as shown in Figure 1.
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Figure 2. Original time series, approximate coefficients and
RESEARCH QUESTION . L Fj _Eiﬁ? %%m_' m . the corresponding saliency maps for an exemplary patient
 How can we design a new ICU mortality The results of WTCNN are compared with a
baseline model -- APACHE 1V on different time
spans mainly based on evaluation metric AUC. As

shown in Figure 3, WTCNN outperforms APACHE
IV for all five diseases.
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(b) The AC of wavelet transform and the corresponding salience maps

prediction model that uses real-time information,

requires no expertise from intensivists, and is other variables can be added to the models by
e linking the variables to the fully connected layer
more accurate:

Figure 1. Structure of WTCNN
 How can we effectively extract accurate and DATA DESCRIPTION

interpretable features from ICU bedside
monitoring data that is readily accessible?
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The data is the top S most frequent admission diagnoses from elCU a |
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